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e (Collective activity

m Activities that are defined by
the interaction among people.

m Cannot be characterized by
single person's appearance.

e Crowd Context

m Spatio-temporal context
around one person.
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m Divide training set into N random subset (bagging)
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m Train a tree with a subset of training data
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Randomly choose a set of features
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m Data-driven approach to learn
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m Appropriate for capturing spatio-temporal
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m Randomize the discretization in feature space. e (lassification 1 N
a Parameter free. m For each tree, find the leaf node for each example. ~ E P(Z]X)
m Structure learned from training data. = Compute sum ot posterior probability 1=1

m More flexible structure.

e MRF regularization

m Higher scalablility. . S, @ Spatio-temporal context
= Robustness under clutter. . m Inference by Gibbs sampling -
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© e t i t (i,j)EEs m RSTV enables more accurate classification results than state-of-the-art methods
o (=% @ 9i® 1111 erzi . 2t m Capable of handling multiple activities in the scene.

m Enable segementation of individuals into different collective activities.
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