Hierarchical Classification of Images by Sparse Approximation
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* A new hierarchical classification - Orthogonal Matching Pursuit (OMP) %
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from all images m : mixing vector

in the training 1. Extract a histogram of codewords ‘x’ from a query image. - Neyv framework for hlerarchlcal classification
e using sparse approximation

- Hierarchical structure used to enhance
classification accuracy.

2. Generate { by solving the problem 2.

- BoW (pyramid) representation is used . |
(Note: ¢ takes continuous value.)

to model images. R
- Each column of H is an histogram of 3.Convert ¢ to binary values (0, 1) by using a learned

codewords threshold. This allows to determine a path in the hierarchy. References

(Note: Thressholds are learned with SVM on a validation set.) (1] J. Wright et al., PAMI 2009

e Goal: Estimate m, s.t. x=Hm , , , ,
4. The path on the hierarch provides classification results. [2] C. La and M.N. Do, ICIP 2006




